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Abstract: The scientific nature of traditional Chinese medicine (TCM) quality control methods is a key factor that restricts the
development of global high-quality exhibition of TCM, and at the same time, the quality of TCM under the existing quality control is
also a key factor in the effectiveness of TCM in treating diseases. Under the background of rapid development of artificial intelligence
and big data, deep learning has gained wide attention in the research of quality control of TCM, which shows obvious advantages
compared with traditional methods and has achieved remarkable results in the recognition of the appearance of TCM, composition
analysis, safety assessment and process quality control. Therefore, starting from the basic framework and common models of deep
learning technology, this paper systematically combs through the application modes of deep learning in the quality control of TCM,
deeply analyzes the challenges it faces in the quality inspection of TCM, and puts forward targeted measures to solve the problems
based on the existing research results. Finally, the application gaps and future development trends of deep learning in the field of quality
control of TCM are summarized. In order to provide new ideas for the upgrading and modernization of the quality control system of
TCM.
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Fig. 1 Quality control of traditional Chinese medicine based on deep learning technology
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Table 1 Comparison of three deep learning models
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Table 2 Solution to limitations of appearance quality control through deep learning
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Table 3 Application of deep learning technology in quality control of traditional Chinese medicine ingredients
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