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Abstract: The quality of traditional Chinese medicine (TCM) directly affects the safety and effectiveness of its clinical application.
With the rapid development of the TCM industry, conventional quality control methods have become inadequate to meet the complex
and evolving requirements of TCM quality testing. In recent years, artificial intelligence (AI), characterized by its powerful data
processing and pattern recognition capabilities, has enabled the establishment of predictive models for efficiently handling multi-source
heterogeneous data in TCM (such as spectra, chromatograms, images, and text information). This enables intelligent prediction and
anomaly detection of quality indicators, and provides novel approaches and methodologies for TCM quality control. This paper
systematically reviews the application progress of machine learning and deep learning algorithms in TCM quality research, analyzes
the current problems and challenges, and aims to further improve the intelligence level of TCM quality control, providing robust support
for the high-quality development of TCM industry.
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Fig.1 Annual publication trend of Al-related literature in the field of traditional Chinese medicine quality control
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Fig.2 Application of Al in quality control of traditional Chinese medicine
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Fig.3 Commonly used machine learning algorithms
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Fig.4 Commonly used deep learning algorithms
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