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Efficacy classification and automatic recommendation of traditional Chinese
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Abstract: Objective To achieve automated classification of the therapeutic effects of a massive number of traditional Chinese
medicine prescriptions and assist in the construction of a more robust and comprehensive information-based coding system for
traditional Chinese medicine prescriptions. Methods Traditional Chinese medicine prescriptions were used as samples, with the
traditional Chinese medicinal materials and traditional Chinese medicine decoction pieces comprising the features. The relationships
between the samples were represented using the similarity of the main components of the prescriptions. A graph convolutional neural
network model was designed, and based on the traditional Chinese medicine prescription classification standard in the national standard
Coding Rules and Coding of Traditional Chinese Medicine Prescriptions (GB/T31773-2015), the therapeutic effect classification
of 1 089 classic ancient traditional Chinese medicine prescriptions in the national standard was used as the dataset for model training.
Results Under a limited number of samples, a prediction accuracy of 87.96% was achieved for the Top-6 therapeutic effect
classifications of traditional Chinese medicine prescriptions. Comparative experiments with other methods demonstrated the significant
performance advantages of the proposed method. Furthermore, a comparison with the therapeutic effect information in the national
standard indicated that the proposed method can be used to predict the potential therapeutic effects of traditional Chinese medicine
prescriptions. Conclusion The method based on graph convolutional neural networks can be used to automate the classification of
traditional Chinese medicine prescriptions, helping to transform the work mode of extensive human resources in traditional Chinese
medicine standardization and assisting traditional Chinese medicine researchers in discovering the potential clinical efficacy of

traditional Chinese medicine prescriptions.
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Fig. 1 Relationship diagram of traditional Chinese medicinal materials, traditional Chinese medicine decoction pieces and
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Fig. 2 Topological relationship construction and node feature initialization of traditional Chinese medicine formulas
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Table 2 Top-k classification accuracy of traditional Chinese medicine formulas (x +s ,n=10)
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