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Abstract: By processing and understanding natural language data, large language models (LLM) enable the high-quality information
retrieval, knowledge extraction, etc., and provide new opportunities for traditional Chinese medicine (TCM) research. Based on recent
developments of LLM in TCM, the present work summarizes the data storage and processing algorithms, as well as artificial
intelligence methods, such as retrieval-augmented generation, mixture of experts, reinforcement learning from human feedback, and
knowledge distillation for developing LLM. It also summarizes methods for training fine-tuning and performance evaluation of LLM.
In response to the characteristics of TCM data, strategies for developing LLM for TCM are proposed, which focuses on developing
high-quality datasets, integrating mixture of experts, rapid information extraction, and model training and optimization. Additionally,
it outlines specific application scenarios of LLM in TCM. The aim of this work is to provide insights for the development and
application of LLM in TCM, promoting the modernization and intelligent development of TCM.
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