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Exploration and thinking of computer virtual screening technology in toxicity
research of traditional Chinese medicine
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Abstract: In recent years, people from all walks of life have paid more and more attention to the safety of traditional Chinese medicine
(TCM), especially the toxicity research of TCM. Therefore, it is an urgent task to find an efficient technology to assist the toxicity
research of TCM. The computer virtual screening technology has the advantages of high efficiency and convenience. After years of
development, its technical theory has become mature and has been successfully applied in many fields. This article reviews the four
main computer virtual screening technologies, such as molecular docking, machine learning, toxicophore and molecular similarity
methods, and the application prospect of these technologies in the field of toxicity research of TCM are analyzed, aiming to provide
reference for researchers engaged in toxicity research of TCM.
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Fig. 1 Overview of computer virtual screening technology
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