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Abstract: With modern medicine stepping into the era of precision medication, higher requirements have been put forward for
individualized drug treatment. On the basis of clarifying the influencing factors of serum concentration, understanding construction
of prediction model and its application of precision dosing are important for clinical patients, especially for treatment of special
patient groups. In this review, some commonly used methods such as regression, population pharmacokinetics, physiologically based
pharmacokinetic, machine learning and their application in prediction of serum concentration were introduced. The characteristics
and applicability of these methods were also discussed in order to provide references for application of model-informed precision
dosing in prediction of serum concentration.
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