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Overview of applications of artificial intelligence in toxicologic pathology
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Abstract: Toxicologic pathology is an important part of preclinical safety evaluation of drugs. With the development of computer
science and whole slide image scan technology, artificial intelligence (Al) has widely expanded into the field of safety evaluation of
drugs, including all aspects of pathology, such as diagnostics pathology, veterinary diagnostics, pathological research, regulatory
toxicology and pathology primary reads and peer review. The application of Al pathology platforms is now poised to truly impact the
future of precision and personalized medicine. However, as with other critical technology advances, there are great challenges in the
Al implementation and application of the toxicologic pathology. The development of digital pathology, the types of algorithms, the
application of Al in toxicological pathology, and the regulatory environment of Al are briefly reviewed, so as to provide new ideas
for the research, development and wide application of Al in toxicologic pathology.
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