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Abstracts: In order to understand and master the research methods of network toxicology and its application in the prediction of
Chinese traditional Chinese medicine toxicology. In this paper, we mainly explore the concept of network of toxicology, and analyze
the network toxicology research train of thought, summarize the related toxicity prediction tools and software, the toxicity prediction
method as well as the research train of thought, the key network toxicology were reviewed in application of prediction of traditional
Chinese medicine liver toxicity and kidney toxicity, heart toxicity component and forecasting acute toxicity composition. With the
development of modern computer technology, network toxicology has been widely used in the related fields of traditional Chinese
medicine, especially in the prediction of the toxicity of traditional Chinese medicine, which plays an important role. With the
modernization of traditional Chinese medicine, people are more deeply aware of the toxicity of traditional Chinese medicine, and it is
urgent to predict and evaluate the toxicity of traditional Chinese medicine with modern techniques. The study of this paper provides a
reference for further understanding and development of network toxicology and its application in predicting the toxicity of Chinese
medicine.
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Table1 TOXNET Databases

Feg BalREAERIN S B e N A
1 MOST VISITED BY TOXNET HSDB: Hazardous Substances Data Bank. Peer-reviewed toxicology data for over
USERS 5,000 hazardous chemicals
CH P &BE V7)) TOXNET) TOXLINE: 4 million references to literature on biochemical, pharmacological,
physiological, and toxicological effects of drugs and other chemicals
ChemIDplus: Dictionary of over 400,000 chemicals (names, synonyms, and structures)
2 BREASTFEEDING & DRUGS LactMed: Drugs and Lactation Database. Drugs and other chemicals to which
oAz ) LFnZ54)) breastfeeding mothers may be exposed
3 DEVELOPMENTAL DART: Developmental and Reproductive Toxicology Database. References to
TOXICOLOGY LITERATURE developmental and reproductive toxicology literature
CRB BEESCHRD
4 CHEMICAL RELEASES & TOXMAP: TOXMAP: Environmental Health Maps provides searchable, interactive
MAPPING maps of EPA TRI and Superfund data, plus US Census and NCI health data
b kA 5 ED TRI: Toxics Release Inventory. Annual environmental releases of over 600 toxic
chemicals by U.S. facilities
5 GENOMICS CTD: Comparative Toxicogenomics Database. Access to scientific data describing
(FER15) relationships between chemicals, genes and human diseases
6 HOUSEHOLD PRODUCT Household Products Database: Potential health effects of chemicals in more than
SAFETY C(KEE;=fh2i4s) 10,000 common household products
7 OCCUPATIONAL EXPOSURE Haz-Map: Links jobs and hazardous tasks with occupational diseases and their
TO CHEMICALS symptoms
R R IRME P A
8 RISK ASSESSMENT IRIS: Integrated Risk Information System. Hazard identification and dose-response
(AP PFO assessment for over 500 chemicals
ITER: International Toxicity Estimates for Risk. Risk information for over 600
chemicals from authoritative groups worldwide
9 ANIMAL TESTING ALTBIB: Resources on Alternatives to the Use of Live Vertebrates in Biomedical
ALTERNATIVES Research and Testing
(B S8 SCHRD
10 ARCHIVED, NO LONGER CCRIS: Chemical Carcinogenesis Research Information System. Carcinogenicity

UPDATED
NPT A7 A KD

and mutagenicity test results for over 8,000 chemicals (1985-2011)

CPDB: Carcinogenic Potency Database. Standardized analyses of the results of 6,540
chronic, long-term animal cancer tests (1980-2011)

GENE-TOX: Genetic Toxicology Data Bank. Peer-reviewed genetic toxicology test
data for over 3,000 chemicals (1991-1998)
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