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Application of Markov model in pharmaco-economic evaluation

LI He, XIA Su-jian
School of Medicine, Jinan University Guangdong, Guangzhou 510632, China

Abstract: The Markov model was used in the medicinal field in the 1980s. It has become one of the most commonly used method in
pharmaco-economics and it also has broad prospects. The use of Markov model in pharmaco-economics in China started later than
aboard. However, the pace of development continues to be accelerated and the gap is shrinking. The evaluation program is being
gradually normalized. To search the related literature in the last five years and around modeling establishment, the parameter settings,
the uncertainty analysis, and the evaluation results of these four basic processes, the research progress of domestic and foreign
scholars who use Markov model for pharmaco-economics evaluation are summarized and the shortcomings of this method are
indicated.
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